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1)

2)

3)

4)

5)

STATEMENT OF ORIGINALITY

This thesis illustrates the new financial econometric models. We used the Capital Asset
Pricing Model (CAPM) get along with three techniques; belief function, Interval

regression approach and Vine Copula-based Approach.

The first study presents the risk and returns of assets forecasting by CAPM model with
belief functions. The advantage of belief function using in econometric model for
forecasting can combine with the information. When investor has more information
about the stocks and markets that can combine with belief function. With this method,

risk and return forecasting of particular stock is more accurate.

The second study presents the CAPM model with interval-valued data of stock prices.
This idea is that interval values were used in the classical capital asset pricing model to
estimate the beta coefficient. This approach had better results than the closing price for

prediction.

Lastly, the C-vine and D-vine copulas based on CAPM were used to exhibit portfolio
risk structure in the context of asset allocation. With this approach, we employed the
Monte Carlo simulation and the empirical results of C-vine and D-vine copulas to
determine the conditional Value-at- Risk (CVaR) of an optimally weighted portfolio.
We used the conditional Value-at- Risk (CVaR) model with the assumption of C-vine

and D-vine joint distribution to get portfolio allocation under minimum risk.

The result of this research is useful and alternative choice for investor and fund
manager to design the investment strategy in stock market with the appropriate

analytical tools.
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