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SVM Support Vector Machine
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LIST OF SYMBOLS

Alpha, Coefficient

Sigma, Summation

Theta, Orientation Assignment
Number of clusters

Distance of pixel pairs

Number of gray levels quantization
Number of gray levels

Number of column

Number of row
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STATEMENTS OF ORIGINALITY

This thesis proposes a new method of texture feature extraction for image analysis and
classification based on fuzzy set theory. The method is developed by incorporating the
fuzzy clustering into gray level co-occurrence matrix. The new method is able to
improve the efficiency of texture analysis and image classification both of gray scale

and color image.
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